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Analysis of structural changes in domestic stock market
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Abstract Grasping the trend of the stock market is important for people engaged in financial markets such as individual
investors and institutional investors. In this study, we analyzed the stocks that were traded on the Tokyo Stock Exchange, using
the clustering algorithm “k-Shapel®” which is appropriate for extracting the shape characteristics of the time series sequence.
In addition, we introduced an index “Graph-Based Entropy!””” ,which reflects the trend of the stock market, and read the
structural changes of the stock market from the change of the index. This indicator is thought to suggest the effectiveness of
investment in stocks, and showed the possibility of a reference to the investment decision of other assets other than the stock.
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